523 % 45 1 AR TR 2224 Vol.23 No.1
2025 4£ 2 A Journal of Fujian University of Technology Feb. 2025

£ F Canny 5 RANSAC
HiEH B &N BT E

B LEW, B AT

(1. AL K T FE, B2 £ M 362000
2. A IRF WL AEIRFR,BE M 350118;
3. BLIE WA A TR 8] AR AL 430 350118)

WE. ATRSGBER AL A Z b 38 T AT Canny 355 RANSAC L4045 449
A% HEAM T R, SINAERN Canny 4 %A M H ok | @i S8 K 454 B A Sobel J£F ¢ Scharr
HF i FRGME, AR RRER F £ELRR S IR %ot 2 AR, FILT S o) iR
DA FRIT R A% AL, @i R 69 RANSAC ok 3 Akdg Fhid 48 St AT A & b AR
EASAAMA AR T, BT RANERER, EREFBESRAAFTET S LN XERE
W% RN A B A AR B | SRR R ROF T A TR A R

K77 Canny ok, % A LA  RANSAC H ik A E b

FESZES: TP301.6 MHEFRERL: A XEHS: 2097-3853(2025)01-0064-07

Improved edge straight-line detection using Canny and RANSAC algorithms
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Abstract; To enhance the precision and real-time performance of straight-line detection in touchscreens, an
edge straight-line detection method combining the Canny algorithm with the RANSAC algorithm is proposed.
The adaptive Canny edge detection algorithm is introduced, which calculates image gradients through bilateral
filtering and the comprehensive application of Sobel and Scharr operators. By employing the maximum inter-
class variance method to remove noise, suppress false edges, and determine thresholds, high-precision
touchscreen edge detection is achieved, along with the extraction of optimal edge lines. The improved
RANSAC algorithm is utilized for straight-line fitting of touchscreen edge points, satisfying real-time system
requirements while ensuring detection accuracy. Experimental results on the touchscreen alignment system
platform demonstrate that this method exhibits high accuracy in edge straight-line detection and excellent real-
time responsiveness, meeting expected detection requirements.
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