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Recognition method of fish feeding behavior based on machine vision

LI Jize, WEI Wei, ZHANG Kaikai
(School of Mechanical and Automotive Engineering, Fujian University of Technology, Fuzhou 350118, China)

Abstract; The texture features of the feeding images of farmed fish acquired by the machine vision system

were used to identify the feeding behavior of farmed fish. Twenty-dimensional features that can characterize the

fish feeding behavior were extracted from the fish feeding images. The fish feeding behavior recognition model

was obtained from normalization, PCA dimensionality reduction and support vector machine training, so as to

realize the identification of the fish feeding behavior. Experimental results show that the average precision of

the proposed method is 92.3%, the false negative rate is 7.34% , and the false positive rate is 4.15%, which

provides reference for instructing fish swarm intelligent feeding.
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Fig.1 Visual monitoring system for farmed fish
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Fig.2 Principal component load plot
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Tab.2 Feeding behavior recognition results of two methods
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