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Research on the influence of LS-SVM Kkernel parameters on the accurate
prediction of probabilistic screening efficiency
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Abstract; In order to explore the relationship between the vibration parameters of probabilistic screening and
the screening efficiency, and to provide guidance for the further improvement of the probabilistic screening
structure, LS-SVM classification algorithm was introduced into the self-synchronous probabilistic screening effi-
ciency prediction modeling, and the feasibility of LS-SVM modeling was discussed. Based on different applica-
tion fields, different kernel functions can be constructed. To solve the problem that kernel functions need to
optimize characteristic parameters, grid search and cross validation algorithms were applied to optimize the se-
lection of kernel parameters. Results show that the highest predictive recognition rate of the predicted samples
by using Poly kernel function modeling is 96.7%, and the zero error rate of the predicted samples by using
RBF kernel function modeling indicates that it is feasible to introduce LS-SVM algorithm into probabilistic
screening efficiency prediction modeling.
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