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Fault zone extraction of electrical equipment by using PCNN based on Otsu optimization

LIN Yajun'*, CHEN Xuejun'*
(1. School of Electromechanical Engineering, Putian University, Putian 351100, China;

2. Key Laboratory of Fujian Universities for New Energy Equipment Testing, Putian 351100, China)

Abstract: In order to better realize the extraction of the fault area of power equipment in infrared images, a
method for fault area extraction was proposed with improved PCNN ( pulse-coupled neural network ) . Based on
Otsu, the optimal segmentation threshold for infrared images was calculated based on Otsu algorithm and it was
taken as the initial threshold for PCNN iterations. By using the maximum between-cluster variance as the con-
vergence criterion of the PCNN model, the infrared image was automatically segmented to extract the power
fault region. Experimental results show that compared with Otsu, K-means and traditional PCNN methods, this
algorithm can extract the power fault area more comprehensively and accurately, and lay the foundation for the
identification of subsequent fault types.
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Fig.2 Algorithm flowchart
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