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Design of an improved dynamic object detection system for warehouse monitoring

CHEN Jing, LI Guangyang, CHEN Liwen

(School of Information Science and Engineering, Fujian University of Technology, Fuzhou 350118, China)

Abstract; The Gaussian Mixture Model algorithm was used to separate the background and the foreground.

The contour features were calculated by using the binary image of the foreground target, and the target object

that exceeded the threshold value was forewarned. Meanwhile, in order to achieve good portability and fast pro-

cessing rate of the hardware, the system adopted a layered software system to realize dynamic object detection.

The bottom layer realized the collection of hardware video frames through the V412 interface, and the top layer

achieved the foreground extraction under the Gaussian Mixture Model by using the opencv visual library. Final-

ly, the system realized the design of a good human-machine interaction interface.
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Fig.1 Flow chart of video collection through V412
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Fig.2 Processing flow of the improved Gaussian

algorithm
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Fig.5 Contour description results
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Fig.8 Contour description results of foreground objects
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