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An FMCG e-commerce website recommendation algorithm with the fusion of
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Abstract; A collaborative filtering recommendation algorithm with the fusion of location similarity
measurement ( CG-FLSM) was proposed. This algorithm integrated location similarity measurement
to compute preference similarity between users, thus generating recommendation results for the target
user. Finally the CF-FLSM was applied to a specific FMCG e-commerce website, and experimental
results showed that, compared with the traditional collaborative filtering recommendation algorithm
(CF) using cosine similarity, its precision rate and recall rate were increased by 3.74% and 3.91%
respectively.
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Fig.2 Geographic distribution map of registered users
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Fig.3 Relationship between interest similarity

and distance
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Tab.3 Recommendation results of CF
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