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Distribution modelling of large common cold-water gorgoninans in North Atlantic
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Abstract ; Paragorgia arborea and Primnoa resedaeformis are two large cold-water coral species com-

monly occurring in North Atlantic, which significantly increase the complexity of the benthic habitat.

Mapping their distribution is fundamental for resource management and conservation, but is difficult

(given their remoteness). In this study, their potential distribution at Traena Reef complex of the

North Atlantic were predicted based on random forest (RF) and MaxEnt models, respectively. The

RF prediction was shown to outperform the MaxEnt prediction. Mean curvature at an analysis scale of

90 m is the most useful terrain variable in RF prediction, which is ecologically correlated to the dis-

tribution of the two species. The two species were predicted to occur on the reefs. The result can con-

tribute to cold-water coral protection at the study area. Comparing model performances is useful to

provide for distribution modelling of large benthic species.
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Fig.1 Bathymetry data of the study area with the oc-

currence data of P. arborea and P. resedaeformis
The lines are the transect sections of the three
JAGO dives with useful video data( unit:m)
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daeformis predicted based on MaxEnt and RF

models, respectively (unit:m)
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Fig.3 Index of terrain variable importance
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