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Abstract; To predict the future interaction number of micro-blog texts to implement effective distri-

bution control of micro-blogs, a method of forecasting the series number of micro-blog interaction

numbers based on parallel decision tree was proposed. Firstly, the user characteristics and micro-

blog text features of the user’ s previous micro-blog were processed. Then, a classification model of

the training data was constructed via a parallel decision tree classification algorithm. Finally, the se-

ries number of the interaction number of new micro-blog texts was classified via the classification

model. The experimental results show that the proposed method has high classification accuracy and

good scalability and can effectively forecast micro-blog series.
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Fig.1 Micro-blog forwarding
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Fig.2 Parallel decision tree training testing process
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