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A complex-valued subgradient projection method ( CSPM) for a class of

complex variables non-smooth convex optimization problems

Zhang Songchuan

(Mathematics Department, Minjiang University, Fuzhou 350121, China)

Abstract; A complex-valued subgradient projection method (CSPM) based on CR calculus theory is

presented to solve a class of complex variables non-smooth convex optimization problems with linear

equality constraints, which can be completely implemented in the complex domain. The proposed

method is proved to be globally convergent under mild conditions. Numerical experiments show that

CSPM is feasible and effective and suitable for solving large-scale optimization problems.
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Tab.1 Comparison of running times between two algo-

rithms
n m/n I/n t(CSPM)/s t/(CVX)/s
0.2 1.2 2.469 9.719
0.2 1.6 0.469 11.5
200
0.8 1.2 0.11 11.579
0.8 1.6 0.109 12.906
0.2 1.2 7.734 29.5
0.2 1.6 3 34.812
300
0.8 1.2 0.313 35.578
0.8 1.6 0.297 38.734
0.2 1.2 24.36 136.83
0.2 1.6 8. 656 162.45
500
0.8 1.2 0. 844 167.75
0.8 1.6 0.672 162.7
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