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Top-N calculation of hot search brands in FMCG e-commerce

websites based on MapReduce
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Abstract; An iterative MapReduce parallel computing workflow was designed to analyze the log of search en-

gine in FMCG e-commerce websites. According to the facet search results on brand field of each retrieval, the

workflow mines potential relevance between each keyword retrieval and the retrieval popularity of the brand,

and calculates each keyword retrieval “s contribution to the retrieval popularity of each brand in brand facet

search results. Finally, the list of popularity contribution values of brand retrieval is combined and calculated

to get the retrieval popularity ranking of each brand and the Top-N.
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map ( LongWritable ikey, Text ivalue, Context
context) |

String readline = ivalue.toString( ) ;

/o WUCREAT B 56 DU A J v (BRI R T 52
) R AT AT 2 #0145 3 — D4 A,
e 2 5 47 W brands FUAHA S PN ICR
00005 :33” F1”00028 : 13”7 = /

String[ ] brands = readline.split("\\[")[3].
split( " \\s+" ) ;

float sum = 0;

/  BEVERR A5 R Th R il (0 B Bk, A
BEE 2 5 AT sum=46 */

for(int i=0;i<brands.length;i++)

%

if (brands[ i].contains(" :"))

sum + = Float. parseFloat ( brands [ i]. split

(":")[1]);
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else return;

}

/ w B RRURT FORTAG 2R 45 SR AR 4% i LY
PR TR, Anise P 2 55 AT i i < 00005,
33/46>,<700028” ,13/46> * /

for(int i=0;i<brands.length;i++)

{

String[ ] brand = brands[i].split(":");

context. write ( new Text (brand [ 0]), new
FloatWritable ( Float. parseFloat ( brand [ 1 ])/
sum) ) ;

}

}
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reduce ( Text _key, Iterable<FloatWritable> val-
ues, Context context) {

float sum =0;

/O it ) 1 AR AR (RLEA T R = /

for ( FloatWritable val ; values) |

sum += val.get( ) ;

}
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context. write ( _ key, new FloatWritable

(sum) ) ;
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55 % MapReduce 1EMV Y map PRECH) B IK
ST

map ( LongWritable ikey, Text ivalue, Context
context) |

Stringreadline = ivalue.toString( ) ;

/ % FEHUR — %8 MapReduce 15V 4% H 9 FH
A\t RIS R AL reads A IS JCER , reads|[ 0 ]
FoTR b RS reads[ 1] RN R IME =/

String[ ] reads = readline.split( " \t" ) ;

7/ 0 i R R AT R ARG

if(brandMap.get(reads[ 0] )= =null) return;

kout.set( reads[ 0] +” | ” +brandMap. get ( reads
[0]));

/o S YRR ) < o RS A | ot R4 R HE R
HIE> * /

context.write ( kout, new FloatWritable—

(Float.parseFloat(reads[ 1])) ) ;

}
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Comparator J 5 5 HH ) compare J5% , iR [ -su-
per.compare ( ), % — %2 MapReduce 1)V # map
il reduce PRELAY ELAARSEIAASANT .

map ( LongWritable ikey, Text ivalue, Context
context) |

String[ ] reads=ivalue.toString( ).split(" \t" ) ;

FloatWritable kOut=new FloatWritable( ) ;
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TextvOuT = new Text( ) ;

kOut.set ( Float.parseFloat(reads[ 1]) ) ;

vOut.set(reads[ 0] ) ;

/B VBB NS <A A G D |
BFR> % /

context.write(kOut, vOut) ;

}

reduce ( FloatWritable _key, Iterable < Text >
values, Context context) {

/B VBB XS < ot R 2 B 1t R4 PR, 9B R
P> =/

for (Text val ; values) |

/ /AR RINEAE R B P AL/ N
context.write ( val, new FloatWritable—

( (float) ( Math. round ( _key.get ( ) * 100) )/
100) ) ;

}

}
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