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Extreme learning machine method for short-term power load time series forecasting

Zhang Ning
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Abstract; The utilization of extreme learning machine—an evolution model of neural networks in

short-term power load time series forecasting was proposed, which has the advantages of less parame-

ter setting, fast training speed and better generalization ability. The validity and feasibility of the

model were verified. The simulation results indicate that the forecasting accuracy of the model is bet-

ter than that of BP neural network model.
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Fig.1 Original power load data series
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Tab.1 Average predicted precision and CPU time for two models
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4H RMSE/MW  MAPE RMSE/MW  MAPE Vs s
48 4.902 4 0.016 6 6.019 2 0.0172  0.0115  54.990 4
24 3.3133 0.012 3 4.6827 0.0158  0.0113  24.1334
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1 HATLAE H (1) 76 3B A R A 4
T, ELM A8 1) TS FE AR 248 T BP #H& )
B FRBH ELM AR ELAT RAFAY24 2T B Az AL
AE775(2) M CPU iz f7H ] Xt b, PR A 78
— B 2R b ELM B R 58 47 R A P T
BP #1225 A0 X T ELM B2 A 5 4k 1k
Jr R4 M BP 75 ZEAR W A7 S 1) 12 108 B A
(145 (3) eI A LEBURE A 24, BILART— K 1 5iH0
HEAT TN —Fsf 20 670 i {1 s G TS 2 e e

DI AGEECR 24 R ), Bl 5 — K 24 h
{18y B7 A (L, 00 A 5 552 s 67 i (L 70 oF L1 50 2
P 2 ff s, T 6 77 1 4 o i 22 B 3 B

1 HRT U IR A ELM T30 452
TR 25 SR M 2 5 AL e (E T AR H W&,
K 2 rhal DI Y, ELM RS B4 700 & X35 25 (E 4
fifE+5 MW YW Bl Z P9, R T ELM B HA 4
o P TR JE

S b 59 1
weeeaeees LM H

0 5 10 15 20 25
thh

B2 SEERAGEESHNAGREX L
Fig.2 Comparison between practical load and

predicted load
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Fig.3 Absolute error of load forecasting
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